Supplementary Table 1. Description of the included studies (n=82)
	Author
&
Year
	Disprop
analysis
	Method
	Covariates
	Consideration of other aspects of reporting patterns
	External
sources
	[bookmark: _Hlk152075856]PV database
	Years
	[bookmark: _Hlk152075874]AEs of interest
	Drugs analyzed

	Abe 
2017
[1]
	Y
	Multivariate logistic regression
	a) Age 
b) sex
c) n° of administered drugs
d) reporting year
	Exclusion of reports that were incomplete.
	N
	[bookmark: _Hlk152075909]JADER
	2004-2017
	Hepatic and renal disorders
	All drugs

	Alkabbani
2022
[2]
	Y
	Comparison:
a) ROR
b) Logistic regression 
c) GLMs to test for additive (using an identity link) and multiplicative (using a log link) drug–drug interactions. 
	a) Age
b) Sex
c) weight
	N
	N
	[bookmark: _Hlk152075953]FAERS
	2013-2020
	Rhabdomyolysis/
myopathy
	Statins & 
[bookmark: _Hlk152075964]SGLT-2 inhibitors

	Almenoff
2003
[3]
	Y
	[bookmark: _Hlk152075974]INTSS
	N
	N
	N
	FAERS
	1968-2001
	Cardiac disorders
	Beta blockers/
[bookmark: _Hlk152075981]ACE inhibitors/
AT2 blockers 
+ verapamil

	Alsheikh
2004
[4]
	Y
	ROR 
	N
	N
	N
	FAERS
	1990-2002
	a) Myopathy
b) Myalgia
c) elevated creatine phosphokinase
d) rhabdomyolysis
e) abnormal results of liver function tests
f) pancreatitis
g) pancytopenia
h) leukopenia
i) thrombocytopenia
	Simvastatin or Atorvastatin 
+ Thiazolidinediones/
sulfonylureas/
metformin/
insulin

	Antonazzo
2020
[5]
	Y
	Multivariate logistic regression
	a) Age
b) Sex
c) statins or fbrates 
	N
	N
	FAERS
	2004-2016
	Myopathy
	[bookmark: _Hlk152076009]DPP4-i
+ statins

	Cai
2017
[6]
	N
	Comparison: 
a) Association rule mining
b) Bayesian network analysis
	N
	Analysis limited to drugs and AEs occurring in at least five “serious” ICSRs.
	a) MedEx
b) RxNorm
	FAERS
	2004-2012
	Serious AEs
	All drugs

	Chasioti
2019
[7]
	Y
	Association rule mining + ROR
	N
	N
	SIDER
	FAERS
	2004-2013
	Myopathy
	All drugs reported as suspects 

	Chen
2020
[8]
	Y
	Supervised learning models using ROR
	N
	N
	DrugBank
	FAERS
	2003- 2017
	Any AEs
	Opioids vs
non-opioid drugs

	Chrétien
2022
[9]
	Y
	Multivariate logistic regression
	a) seizure as AE
b) opioid use
c) Age,
d) [bookmark: _Hlk152076039]ICSRs only from US,
	A minimum of 5 ICSRs reporting the AE for the drugs
	N
	VIGIBASE
	1967-2020
	Road traffic accidents
	[bookmark: _Hlk152076069]Concomitant ASMs

	Cohen
2021
[10]
	Y
	Multivariate logistic regression
	NA
	N
	N
	FAERS
	2000-2020
	Death
	Alls drugs

	Contejean
2021
[11]
	Y
	ROR
	N
	Sensitivity analysis excluding nephrotoxic drugs
	N
	VIGIBASE
	1997-2013
	AKI
	vancomycin 
+ piperacillin/
cefepime/
meropenem

	Fahim
2019
[12]
	Y
	ROR
	N
	N
	N
	FAERS
	2004-2015
	Serious AEs
	Botanical dietary supplements with CYP3A4 interactive
vs 
botanical dietary supplements with CYP3A4 non-interactive anticancer drugs

	Fan
2019
[13]
	Y
	Comparison: 
a) ROR
b) [bookmark: _Hlk152076118]PRR
c) [bookmark: _Hlk152076133]BCPNN
d) [bookmark: _Hlk152076157]MGPS
	N
	N
	N
	FAERS
	2004-2018
	Myocarditis
	Ipilimumab
+ pembrolizumab/
nivolumab

	Fernandez
2020
[14]
	Y
	[bookmark: _Hlk152076204]UMC Ω Shrinkage Measure Model
	N
	Only drugs reported as “interacting” or “suspected” 
	N
	VIGIBASE
	up to 2018
	All AEs reported except non-relevant terms such as “condition aggravated”
	Apixaban and other drugs as suspects or interacting

	Fernandez
2021
[15]
	Y
	UMC Ω Shrinkage Measure Model
	N
	Only drugs reported as “interacting” or “suspected” were kept
	N
	VIGIBASE
	Up to 2018
	All AEs
	Rivaroxaban
+all other drugs

	Gandhi
2013
[16]
	Y
	ROR
	N
	N
	N
	FAERS
	2010-2011
	Risk of bleeding events
	Dabigatran
+ dronedarone

	Gómez-Lumbreras
2023
[17]
	Y
	Comparison:
a) ROR
b) UMC Ω Shrinkage Measure Model 
	N
	A minimum of 5 ICSRs reporting the outcome of interest.
ROR considered to be a safety signal when the lower 95% CI was above 2.0.
	N
	FAERS
	2004- 2020
	AEs related to colchicine’s toxicity
	Colchicine
[bookmark: _Hlk152076228]+ any of the CYP3A4/
P-gp inhibiting drugs

	Gosho
2017
[18]
	Y
	Comparison:
a) UMC Ω Shrinkage Measure Model
b) Chi-squared with Yates’ correction
	N
	N
	N
	FAERS
	2004-2016
	Rhabdomyolysis
	Gemfibrozil
+ concomitant drugs

	Gosho
2018
[19]
	Y
	Comparison:
a) UMC Ω Shrinkage Measure Model
b) Chi-squared with Yates’ correction
	N
	N
	N
	FAERS & JADER
	2004-2017
	Hypoglycemia
	Concomitant use of antidiabetic, antihypertensive, and antihyperlipidemic

	Gosho
2019
[20]
	Y
	Comparison:
a) UMC Ω Shrinkage Measure Model
b) Chi-squared with Yates’ correction
	N
	N
	N
	JADER
	2004-2017
	Rhabdomyolysis
	Anti-dyslipidemic drugs + antihypertensive or antidiabetic drugs

	Harpaz
2010
[21]

	Y
	[bookmark: _Hlk152076274]Association rule mining + RR 
	N
	N
	a) RxNorm
b) Micromedex
	FAERS
	2008
	All AEs
	All drugs

	Hauben
2007
[22]
	Y
	INTSS
	N
	N
	Literature
	FAERS
	up to 2005
	Hyperkaliemia
	Spironolactone 
+ ACE inhibitors

	Hauben
2013
[23]

	Y
	INTSS
	N
	Analysis of number of co-reported drugs.
	Literature
	FAERS
	1969-2010
	Congestive heart failure
	Antifungal drugs 
+ other concomitant drugs

	Hult
2020
[24]
	Y
	Multivariate logistic regression
	a) UMC Ω Shrinkage Measure
b) CYP interactions
c) N° reports with both drugs, 
d) N° reports with a case narrative,
e) interaction as a meddra pt,
f) unexepcted therapeutic response,
g) only two drugs
h) positive dechallenge
i) overlapping treatment,
j) altered efect+only two drugs,
k) altered effect+dose,
l) altered effect+positive dechallenge,
m) altered efect+positive rechallenge.
	N
	a) [bookmark: _Hlk152076305]The british and the American SmPC
b) DrugDex,
c) Janusmed 
	VIGIBASE
	up to 2016
	All AEs
	All drugs

	Ibrahim
2016
[25]
	Y
	a) Association rule mining + PRR
b) chi-squared
	N
	N
	a) RxNorm
b) drugs.com
c) DrugBank
d) Medscape
e) the American SmPC 
	FAERS
	2012-2013
	All AEs
	All drugs reported as suspects

	Ikemura
2019
[26]
	Y
	ROR
	N
	N
	N
	FAERS
	2014-2017
	Hepatotoxicity
	Methotrexate 
+ febuxostat/
allopurinol/
lansoprazole/
rabeprazole

	Inaba
2019
[27]
	Y
	Comparison:
a) ROR
b) multivariate logistic regression
c) PRR
d) [bookmark: _Hlk152076355]EBGM
	a) Age
b) sex
c) reporting year
	N
	N
	JADER
	2004-2018
	AKI
	Valacyclovir, Analgesics, Renin-Angiotensin System Inhibitors

	Jeong
2022 A
[28]
	Y
	Comparison:
a) RERI
b) Logistic regression
c) Multiplicative model
d) Additive model
	a) Age
b) sex
c) n° of concomitant drugs
	N
	The Liverpool database
	FAERS
	2020-2021
	All AEs
	Only COVID-19 therapies
vs
all other therapies

	Jeong
2022 B
[29]
	Y
	Comparison:
a) Logistic regression,
b) UMC Ω Shrinkage Measure Model
c) Additivemodel
d) Multiplicative model
e) Associacion rule mining
f) Combination risk
	a) Age
b) sex
	N
	The Liverpool database
	FAERS
	2020-2021
	All AEs
	Only COVID-19 therapies
vs
all other therapies

	Kamdar
2017
[30]
	Y
	Comparison:
a) Network-based Relative Reporting Ratio
b) BCPNN
c) MGPS
	a) Drug
b) proteins
c) biological pathway
	N
	a) DrugBank
b) PharmGKB
c) [bookmark: _Hlk152076373]KEGG
d) [bookmark: _Hlk152076395]CTD
	FAERS
	2013-2015
	All AEs
	All drugs

	Labat
2017
[31]
	Y
	Comparison:
a) Multivariate logistic regression
b) BCPNN
c) UMC Ω Shrinkage Measure model
	a) Age
b) Sex
c) statins or fibrates
d) DPP-4i or other glucose lowering agents 
	N
	N
	[bookmark: _Hlk152076430]VIGIBASE & FPVD
	2009-2015
	Myopathy
	Antidiabetic agents 
+ statins or fibrates

	Li
2015
[32]
	Y
	Comparison:
a) Multivariate logistic regression
b) UMC Ω Shrinkage Measure Model
	a) Age
b) Sex

	N
	N
	[bookmark: _Hlk152076440]CPVD
	2003-2014
	All AEs
	Benzylpenicillin
+ qingkailing injection

	Li
2017
[33]
	Y
	Multivariate logistic regression
	a) Comedication
b) comorbidities
	N
	a) Drugbank
b) SIDER
	FAERS
	2004-2015
	QT-interval prolongation and rhabdomyolysis
	All drugs

	Lin
2010
[34]
	N
	Network topology analysis
	N
	Only drugs reported as “interacting” or “suspected”.
	a) Drugbank
b) TTD
c) DART
d) ADME-Aps,
e) UniProtKB/Swiss-Prot database,
	FAERS
	2005-2006
	All AEs
	All drugs

	Liu
2020
[35]
	N
	Semi-Supervised Learning Algorithm
	N
	A minimum of 50 ICSRs with the drugs of interest.
	a) ONC High-Priority and Non-Interruptive Datasets
b) DrugBank
c) Drugs.com
	FAERS
	2016-2018
	serious AEs
	All drugs

	Maschino
2012
[36]
	Y
	Multivariate logistic regression
	a) Age
b) Sex
c) drugs increasing the risk of bleeding
	Patients younger than 50 years old were excluded
	N
	FPVD
	2008-2011
	Bleeding
	antiplatelet drugs
+ serotonin reuptake inhibitor drugs

	Matsuo
2020
[37]
	Y
	ROR
	N
	[bookmark: _Hlk152076452]Weibull shape for TTO
	N
	JADER
	2004-2016
	Long QT syndrome
	Fluoroquinolones
+all other drugs

	Matsuo
2022
[38]
	Y
	ROR
	N
	A minimum of 20 ICSRs reporting the combination of the two drugs involving the AE of interest.
	Literature
	JADER
	2004-2020
	Long QT syndrome
	All drugs

	Meng
2022
[39]
	Y
	Comparison:
a) Multivariate logistic regression
b) Additive model
c) Multiplicative model
	a) Age
b) sex
c) reporting year
	N
	N
	FAERS
	2004- 2020
	Peripheral Neuropathy
	Proteasome inhibitors
+factor Xa inhibitor,rivaroxaban

	Montastruc
2019
[40]
	Y
	ROR
	N
	 Sensitivity analysis regarding comorbidities and co-medications
	N
	VIGIBASE
	up to 2017
	Hyperglycemia or new onset of diabetes
	fibrates and statins

	Montastruc
2020
[41]
	Y
	ROR
	N
	N
	N
	VIGIBASE
	2000-2019
	Fatal outcomes
	Hydroxychloroquine
+ Metformin

	Nishiuchi
2022
[42]
	Y
	ROR
	N
	N
	N
	FAERS
	2007-2017
	Heart failure
	All drugs

	Noguchi
2018
[43]
	Y
	Comparison:
a) Assocation rule mining
b) Combination Model
c) Additive model
d) Multiplicative model
	N
	N
	N
	JADER
	2004-2015
	Stevens-Johnson syndrome
	All drugs

	Noguchi
2020 A
[44]
	Y
	Comparison:
a) ROR
b) UMC Ω Shrinkage Measure Model
	N
	N
	N
	JADER
	2004-2015
	Stevens-Johnson syndrome
	All drugs

	Noguchi
2020 B
[45]
	Y
	Comparison:
a) UMC Ω Shrinkage Measure Model
b) Additive Model
c) Multiplicative Model
d) Combination Risk Ratio Model
e) Chi-Square Statistics Model
	N
	N
	N
	JADER
	2004-2015
	Stevens-Johnson syndrome
	All drugs

	Noguchi
2021
[46]
	Y
	Comparison:
a) ROR
b) UMC Ω Shrinkage Measure Model
	N
	N
	N
	JADER
	up to 2021
	Stevens-Johnson syndrom
	All drugs reported as suspects

	Norén
2008
[47]
	Y
	UMC Ω Shrinkage Measure Model
	N
	N
	N
	VIGIBASE
	NA
	a) Delayed bleeding
b) Cardiac events
c) Ventricular fibrillation
d) Drug level increased
e) Rhabdomyolysis
	a) Itraconazole +  Oral Contraceptives
b) [bookmark: _Hlk152076486]Diuretics + NSAIDs
c) Terfenadine + Ketoconazole
d) Digoxin + Clarithromycin
e) Gemfibrozil + Cerivastatin

	Okunaka
2021
[48]
	Y
	ROR
	N
	Weibull shape for TTO
	N
	JADER
	2004-2020
	Diarrhea
	Irinotecan
+ 5-fluorouracil

	Pariente
2010
[49]
	Y
	Multivariate logistic regression
	a) Age
b) sex
c) potential risk factors
	N
	N
	FPVD
	Up to 2007
	Serious AEs
	Cholinesterase inhibitors 
+ other concomitant drugs

	Qian
2010
[50]
	Y
	Comparison:
a) Multivariate logistic regression, UMC Ω Shrinkage Measure Model
b) Additive model
c) Multiplicative model
	a) Age
b) sex 
	N
	N
	CPVD
	NA
	All AEs
	All drugs

	Racz
2018
[51]
	Y
	PRR
	N
	N
	a) Drugbank
b) UniProt
c) Reactome
d) BioCarta
	FAERS
	2004-2016
	Serotonin syndrome
	Second-Generation Antipsychotics and/or Selective Serotonin Reuptake Inhibitors

	[bookmark: _Hlk152076500]Sainz-Gil
2022
[52]
	Y
	UMC Ω Shrinkage Measure Model
	N
	Comparison of pre & post-Covid era
	N
	SPVD
	1982-2021
	All AEs
	Hydroxychloroquine
+ other concomitant drugs

	Sarayani
2021
[53]
	Y
	PRR
	N
	N
	N
	FAERS
	2004-2019
	[bookmark: _Hlk152076510]Death and TdP/QT prolongation
	Hydroxychloroquine/
chloroquine 
+ azithromycin/
amoxicillin

	Sato
2021
[54]
	Y
	Comparison:
Multivaraite logistic regression
[bookmark: _Hlk152076522]RERI
	a) Age
b) Sex
c) [bookmark: _Hlk152076542]Concomitant use of AChEIs
	N
	N
	JADER
	2004-2019
	All AEs
	Memantine 
+ all other drugs

	Shibata
2021
[55]
	Y
	PRR
	N
	N
	N
	FAERS & JADER
	NA
	a) Neutropenia,
b) Hemorrhagic cystitis,
c) Alopecia
	Cyclophosphamide 
+ voriconazole/
fluconazole/
itraconazole

	Souza-Peres
2023
[56]
	Y
	ROR
	N
	N
	N
	[bookmark: _Hlk152076557]FAERS & CAERS
	between 18 and 23 December 2022(FAERS)/2004-2022
	All AEs
	Herbal Product 
+concomitant drugs

	Strandell
2009
[57]
	Y
	UMC Ω Shrinkage Measure Model
	N
	N
	N
	VIGIBASE
	JULY 2008
	Rhabdomyolysis
	Azithromycin 
+ statins

	Strandell
2011
[58]
	Y
	UMC Ω Shrinkage Measure Model
	N
	Pharmacological properties such as common CYP450 metabolism, explicit suspicions of drug interactions as noted by the reporter, clinical details such as dose and treatment overlap
	Stockley’s Drug Interactions
	VIGIBASE
	2007-2009
	All AEs
	All drugs

	Strandell
2013
[59]
	Y
	Multivariate logistic regression
	a) UMC Ω Shrinkage Measure
b) CYP interactions
c) N° reports with both drugs, 
d) N° reports with a case narrative,
e) interaction as a meddra pt,
f) unexepcted therapeutic response,
g) only two drugs
h) positive dechallenge
i) overlapping treatment,
j) altered efect+only two drugs,
k) altered effect+dose,
l) altered effect+positive dechallenge,
	Overlapping treatment
	a) Literature
b) Stockley's Interaction alerts
	VIGIBASE
	1990-2009
	AEs chosen from Stockley's Interaction alerts
	Drugs chosen from Stockley's Interaction alerts

	Suzuki
2015 A
[60]
	Y
	Comparison:
INTSS
Multivariate logistic regression
	a) Age
b) sex
	N
	N
	VIGIBASE
	2004-2013
	Drug-induced liver injury
	acetaminophen, isoniazid, valproic acid,and amoxicillin/clavulanic acid 
+ all other concomitant drugs

	Suzuki
2015 B
[61]
	Y
	Multivariate logistic regression
	a) Age
b) sex
	N
	DrugBank
	FAERS
	2004-2013
	Hemorrhagic events
	Clopidogrel or aspirin
[bookmark: _Hlk152076578]+ PPIs

	Tada
2022
[62]
	Y
	Comparison:
a) UMC Ω Shrinkage Measure Model
b) Chi-squared
	N
	N
	N
	FAERS & JADER
	2004-2020
	Urinary Tract Infection
	SGLT-2 inhibitors
+ other antidiabetic or antihypertensive or antihyperlipidemic drugs

	Tatonetti
2012
[63]
	Y
	Supervised machine learning algorithm to train logistic regression models
	N
	Only ICSRs with one or two drugs
	N
	FAERS
	NA
	a) Myalgia
b) Rhabdomyolysis
c) Amyotrophic
lateral sclerosis
	All drugs

	Thakrar
2007
[64]
	Y
	Comparison:
a) Logistic regression
b) Additive model
c) Multiplicative model
	N
	N
	N
	FAERS
	NA
	a) Bone marrow
b) depression
c) Myopathy
d) TdP 
	a) Methotrexate
+diclofenac,
b) Simvastatin
+ciclosporin,
c) Ketoconazole
+terfenadine,
d) Cisapride
+erythromycin
e) fexofenadine + ketoconazole
f) methotrexate + rofecoxib
g) fluvastatin + ciclosporin
h) cisapride + azithromycin

	Tod
2022
[65]
	Y
	Logistic probability density function using ROR
	a) Comedication
b) comorbidities
	N
	DDI predictor
	FAERS
	NA
	AEs reported in the DDI-predictor
	Drugs reported in DDI-predictor

	Uno
2019
[66]
	Y
	Comparison:
a) ROR
b) BCPNN
	N
	N
	Martindale website for drug's name synonyms
	FAERS
	2004-2017
	Transplant rejections
	Tacrolimus 
+ antifungal drugs

	Van Puijenbroek
1999
[67]
	Y
	Multivariate logistic regression
	a) Age
b) year of reporting
c) reporter type
	N
	N
	[bookmark: _Hlk152076622]DPVD
	1991-1998
	Withdrawal bleeding
	Itraconazole
+ oral contraceptives

	van Puijenbroek
2000
[68]
	Y
	Multivariate logistic regression
	a) Age
b) sex
	N
	N
	DPVD 
	1990-1999
	Decreased efficacy of diuretics
	Diuretics
+ NSAIDs

	Wang
2020 A
[69]
	Y
	Comparison:
a) Multivariate logistic regression
b) UMC Ω Shrinkage
	Co-medications
	A minimum of 50 ICSRs reporting the drug of interest
	a) DrugBank
b) Literature
	FAERS
	2004-2012
	All AEs
	All drugs

	Wang
2020 B
[70]
	N
	Supervised machine learning algorithm (Modified Skip-Gram Model) to train logistic regression models
	N
	N
	Drugbank
	FAERS
	2004-2014
	All AEs
	All drugs

	Wang
2022
[71]
	Y
	UMC Ω Shrinkage Measure Model
	N
	N
	The FDA Drug Interactions Flockhart table
	FAERS
	2004-2018
	All AEs
	all drugs 
vs 
all CYP450 substrates and inhibitors

	Wang
2023
[72]
	Y
	Comparison:
a) ROR
b) BCPNN
	N
	N
	N
	FAERS
	2016-2022
	Arrhythmias
	a) Fluoxetine
+flecainide
b) Duloxetine
+flecainide
c) paroxetine +flecainide
d) amiodarone +flecainide
e) citalopram +propafenone
f) venlafaxine
+propafenone
g) sofosbuvir +amiodarone
h) verapamil +dronedarone
i) diltiazem +dronedarone
j) verapamil +ivabradine, 
k) amiodarone +ivabradine

	Xu
2017
[73]
	Y
	Multivariate logistic regression
	a) Age
b) Sex
c) reporting year
	N
	ChEMBL
	FAERS
	2004-2015
	Tardive dyskinesia 
	Metoclopramide
+ concomitant drugs

	Yagi
2020
[74]
	Y
	ROR
	N
	N
	N
	FAERS
	2010-2015
	Hypertension
	All drugs

	Yamada
2021
[75]
	Y
	Multivariate logistic regression
	a) Age
b) Sex
c) Dose
d) [bookmark: _Hlk152076662]CKD
e) [bookmark: _Hlk152076684]BMI
	N
	N
	JADER
	2004-2020
	Muscle toxicity
	Statins
vs
non-statins users

	Yao
2020
[76]
	Y
	Association rule mining + ROR
	N
	Only suspect drugs
	N
	FAERS
	2004-2012
	Myopathy
	All drugs reported as suspects

	Yonezawa
2022
[77]
	Y
	PRR
	N
	N
	N
	FAERS
	1974-2021
	AKI
	Tacrolimus +azithromycin/
amoxicillin/
clarithromycin

	Yue
2014
[78]
	Y
	Multivariate logistic regression
	a) Age
b) Sex
c) reporting year
	Patients who were 65 years old or more.
	N
	FAERS
	2004-2012
	AKI
	Valacyclovir
+loxoprofen

	Yue
2018
[79]
	Y
	ROR
	N
	N
	N
	FAERS
	2004-2012
	AKI
	Acyclovir/
Valacyclovir 
+ NSAIDs

	Zapata
2022
[80]
	Y
	ROR
	N
	N
	N
	FAERS
	2004-2020
	AEs labelled in the SmPC
	Tizanidine 
+ CYP1A2 Inhibitors 

	Zhan
2020
[81]
	N
	Bayesan network analysis
	N
	N
	Drugbank
	FAERS
	2018
	All AEs
	All drugs

	Zhang
2015
[82]
	N
	Label Propagation Prediction network analysis
	N
	N
	SIDER
	FAERS
	NA
	All AEs
	All drugs


ACE Angiotensin-converting enzyme; AChEIs acetylcholinesterase inhibitors; AEs adverse events; AKI Acute kidney injury; ASMs antiseizure medications; AT2 angiotensin 2 receptor; BCPNN Bayesian confidence propagation neural network; BMI Body Mass Index; CAERS The Center for Food Safety and Applied Nutrition Adverse Event Reporting System; CKD Chronic Kdiney Disease; CTD Comparative Toxicogenomics Database; CYP Cytochromes P; CPVD Chinese Pharmacovigilance Database; DPP4-I dipeptidyl peptidase 4 inhibitors; DPVD Dutch Pharmacovigilance Database; EBGM empirical Bayes geometric mean; FAERS Food and Drug Administration Adverse Event Reporting System database, FPVD French Pharmacovigilance Database; GLM generalized linear model; ICSRs Individual Case Safety Reports; INTSS interaction signal score; JADER the Japanese Adverse Drug Event Reporting system database; KEGG Kyoto Encyclopedia for Genes and Genomes; MGPS -the multi-item gamma Poisson shrinker; N No; NA: Not Available; NSAIDs Non-steroidal anti-inflammatory drugs; P-gp P-glycoprotein; PPIs Proton Pump Inhibitors; PRR proportional reporting ratio; PV pharmacovigilance; RERI relative excess risk due to interactions; ROR reporting odds ratio; RR relative reporting ratio; SGLT-2 sodium/glucose cotransporter 2; SmPC, Summary of Product Characteristics; SPVD Spanish Pharmacovigilance Database; TdP Torsades de Pointes; TTO Time To Onset; UMC Uppsala monitoring Center; US United States; Y yes.
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