Appendix 1: Method used for the measurement of inequalities
In this work, we rely on income distribution approach to measure income inequalities. For this reason, we use the Gini index to measure inequalities in household forest income. The Gini index represents a ratio. The numerator is the area between the Lorenz curve of the distribution and the uniform distribution line (bisecting line); the denominator is the area under the uniform distribution line. For the calculation of the Gini index, we used total income (cash income+ imputed value of own consumption) per capita within a household, which accounts for the size dimension of the household. We then used Yao (1997) approach for the decomposition of Gini index by income factors. The advantage of choosing this approach rather than others is the fact that while given same results as other techniques, it is easily implementable through an excel spreadsheet.
If the total population is divided into n groups, here households, let wi, miand pi be respectively income share, average income per capita and the relative frequency inside the population of the ith group, following Yao (1997). The Gini index for the entire population can then be defined using the following equation: 
(1) 
Whererepresents the share of the cumulative income up to the ith group.
Before using the equation (1) a prior organisation of data is required, notably that, pi and wi be strictly sorted in an ascending order of income per capita (mi).
If the income per capita of the ith household or group, (i = 1,2,…,n), is divided into F  income sources, the Gini index G of equation (1) can be exactly decomposed into F components.
Let:
the share of the income of the ith household or group in the total income of the source f (f=1,2,…, F), where  represents the weight of the ith group in the total population,  represents the average income of factor f calculated over the whole population. Here the size of the population is the sum of the number of people inside households. represents the average income of factor f measured over the  group i. If vectors of  and  are structured such that they strictly follow the ascending order of average incomes of factor f calculated in all the groups   (). The Gini coefficient associated to the income source f, is defined by the following equation (2):
-------------------------(2)
Where   , represents the share of the cumulative income from source f from group 1 to group i.
 The same equation can be used to calculate the ratio of concentration of the income source f provided that the vectors of   and that of   are sorted in a strictly ascending order of the vector of the averages of the total incomes of the different groups. If that is the case, the concentration ratio of source f,, can be written as:
(3)
By substituting equation (3) in equation (1), Yao (1997)comes up with the following Gini coefficient formulation in terms of the different income sources.
(4)
With        .

Economic interpretation
The Gini index measured over the global income is a weighted average of concentration ratios from the different income sources. To determine how each of these factors contributes to the total income inequality, Adams (1994) defines the relative concentration coefficient (f=1, 2,…,F)  as :

An income factor is a source of increasing inequalities if the value of its is greater than the unit. Similarly, an income factor is a source of reducing inequalities if the value of its is smaller than the unit. Besides, the value of  measures the relative contribution of factor f  to  Gini’s coefficient or simply to inequality.

 Dependence analysis 
Dependence on forest in this study is considered as the forest income share in the overall household income. Dependence on forest is measured at each household scale. To calculate the general level of dependence on forest for the entire households, we opted for Davis et al. (2010) approach which recommends to consider the average share if the household is the principal unit of analysis as it is the case with our data. 
In order to analyze the relationship between forest reliance and total income, we used the Relative Kuznets Ratio (RKR) (Vedeld et al., 2007), that is the ratio between the forest income share of the highest (top 20%) and lowest two income quintiles (bottom 40%). Having a value of HKR<1 means that low-income households have a higher environmental income share.
Modelling determinants of forest income 
To analyse the determinants of forest incomes, we use Tobit model with sample selection (Tobin1958).This model is a regression model that applies to censored data, these are data that have a meaning only when they belong to a certain interval. When data are censored, we do not observe values of the dependent variable for individuals for which latent variable is above the censoring value. However, values of all the explanatory variables are observed. For our case study, censored data refer to the fact that, for any forest activity, only  a  subset  of households make use of products/goods related to it, such that for households that did not participate in the activity, the revenue  with regards to that activity is recorded as zero.
The model can be specified as follows:





In these equations, I represents a vector of dummy variables taking the value of 1 if a household participates in a forest activity, and 0 otherwise; U is a matrix of explanatory variables that may influence the probability to participate or not in forest activity;  Y is a vector of forest income that is censored at 0; X is a matrix of explanatory variables which are assumed to influence the amount of income derived from forest activity, which may or may not be identical to U ; and  stand for unknown parameters corresponding, respectively, to the matrices of explanatory variables U and X that should  be estimated ;   and   stand for  latent variables corresponding to I and Y, respectively. Finally   and  represent the error terms.
The model is such specified in order to integrate two aspects which are involved. These are firstly the decision to participate in a forest activity and secondly the amount of income earned from that activity. Several authors used this technique when analyzing forest dependence (Fisher 2004; Kabubo-Mariara2013). 
For technical purposes, all absolute income measures are log transformed to account for the non-normal distribution of the income data and reduce the impact of outliers. Three Tobit models were run using STATA software.Dependent variables ( are: income from gathering, income from hunting and income from logging. Explanatory variables (X) that we are looking at are: the education level of the household head, the size of the household[footnoteRef:2], the age of the household head and the alternative income sources (agriculture and others). Those explanatory variables are chosen referring to the above mentioned literature.  To these, we add the level of access to the village that could facilitate or hamper in turn the access to markets and therefore influence the amount of money earned. In addition, since the participation in logging exploitation requires a large amount of initial investment for the acquisition of some equipment such as power generators or chain saws, for the model related to illegal logging we added two additional explanatory variables in the participation model. There are the possession of a generator and the possession of a chain saw (these variables are equal to 1 if the household possess this equipment and 0 otherwise). Besides, for technical considerations due to implementation of econometric models, we added the age squared, which enables us to model more accurately the effect of the age variable at differing levels, rather than assuming the effect is linear for all ages. [2: Actually, for more accurate and relevant results, it would have been preferable to consider household size per adult equivalent (aeq), which is a better measure than household size, since it gives adjustments to the composition of the household by age and gender. But unfortunately during data collection, only details regarding the age of the household’s head were collected and not those of the other members.] 

With regards to the sense of influence of these factors, we assume that: the age of household head influences positively the amount of forest income considering that the more the household head is aged, the more he/she has experience or social networks that help to better orientate his/her family towards more profitability; household size has a positive influence on forest incomes;Education of the household head is expected to lead to fewer forest incomes because education offers the opportunity to have alternative employment and thus divert people from an implication in agriculture or forest activities; the more a village is easily accessible, the more dwellers can draw income from forest related activities; The more a household draw income from others non forest activities (agriculture and others), the less it could draw money from forest related activities since it must concentrate more on thoseactivities.
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